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What is NLP?
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Using Google Colab to write Python
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What is Colab?
https://www.youtube.com/watch?v=inN8seMm7Ul&feature=youtu.be
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NLTK f§ < 4 4 47 htips://blog.csdn.net/zzulp/article/details/77150129
NLTK: Natural Language Processing with Python http://www.nltk.org/book 1ed/
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NLP § # : 10 & p R 7 JTH ¥ https://kknews.cc/tech/2vmagg6z.html

4o * Python #4247 9 http://blog.sciencenet.cn/blog-377709-1062960.html
Sentiment Analysis with Python NLTK Text Classification
http://text-processing.com/demo/sentiment/

Some projects of Sentiment Analysis: 273 i+~ £ p R:F 7 2% - 3k “FR A
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Beautiful Soup #-i# B~ HTML & 475
https://blog.gtwang.org/programming/python-beautiful-soup-module-scrape-web-pages-tutorial/
Text analysis of Trump's tweets
https://medium.com/swlh/analyzing-trumps-tweets-5368528d2c90

Week 5:

Create Word Cloud using Python
https://www.tutorialspoint.com/create-word-cloud-using-python

Chinese Word Cloud with Python
https://medium.com/@yeung_cyda/written-in-chinese-step-by-step-chinese-word-cloud-with-python-
53f57f65be69

Week 6 & 7:

TH P 2 g | p RE S 2 (NLP)
https://research.sinica.edu.tw/nlp-natural-language-processing-chinese-
knowledge-information/

NLTK ¥ =2 Sinica Treebank
http://www.hankcs.com/program/python/nltk-chinese-corpus-

sinica treebank.html
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Final Exam & Notices ( BE&&5s ) 2EHZ 19 | #4598 100.0 | BIEEE 1 FEER) 2021.07.01 23:30
BEACBEIES ( =584
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3. Python Project

Why tech needs the humanities Eric Berridge TED

PEFHETEPYTHONE T EEEIEE (GEFEgmailltRiREAIER)

7742 _ERESEE: FICU FIEBAIFFFTEFRERM A EREEFTREE (School)
> FEARAYIH

T Week 2 FRESEEN
Z5: https://drive.google.com/file/d/1u8k66bpwdhTAW9QvIbRC1leWIly33ciZt6/view?fbclid=

IWAR2xrHPVjnO0--1goD3TMcLGx1LaUlzHsBhVC-03qEg4coOnW3qEyprmSSk

1 Week 3 ZRIEGEZN
Z%: https://drive.google.com/file/d/1q99229cXnnuafPKFLMPMXTCONROZaswb/view

1 Week 4 @@ 0527 3Rf28%2 N
ZX: https://drive.google.com/file/d/1ifGFCPB5GdbTHRbx0kqFOKwWFTkxCvt1K/view

1 Week5 @@ 0603 :RIESEEAN
25 https://drive.google.com/file/d/1oXfZfWRFz1JkilUlogsg-Ve51QcAMdFO/view

1 Week 6 @@ 0610 S22 N
ZX: https://drive.google.com/file/d/1HIj58cqbCCixNBxISAJ1rKjRDB726m8f/view

> BIFYFESE

1. &%~ (B*): %+ Code Studio (Hour of Code https://code. org/) i ¥ Az > I
PR AEY BE N BE S R AR EFTELT AR @3 Tron Class e
Bl 1.1 hour of code #A4%

HOUR
OF
CODE

ACTIVITIES HOW-TO PROMOTE FAQ

Hour of Code Activities

'Write vour first computer
program

Code.org
Grades 2+ | Blocks

Learn the basic concepts of Computer Sclence with drag
and drop programming. This Is a game-like, self-directed
tutorial starring video lectures by Bill Gates, Mark
Zuckerberg, Angry Birds and Plants vs. Zombies. Learn
repeat-loops, conditionals, and basic algorithms. Available in
37 languages.
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https://drive.google.com/file/d/1u8k66bpwdhTAW9Qv9bRC1eWIy33ciZt6/view?fbclid=IwAR2xrHPVjnO0--1goD3TMcLGx1LaUIzHsBhVC-o3qEg4co0nW3qEyprmSSk
https://drive.google.com/file/d/1u8k66bpwdhTAW9Qv9bRC1eWIy33ciZt6/view?fbclid=IwAR2xrHPVjnO0--1goD3TMcLGx1LaUIzHsBhVC-o3qEg4co0nW3qEyprmSSk
https://drive.google.com/file/d/1u8k66bpwdhTAW9Qv9bRC1eWIy33ciZt6/view?fbclid=IwAR2xrHPVjnO0--1goD3TMcLGx1LaUIzHsBhVC-o3qEg4co0nW3qEyprmSSk
https://drive.google.com/file/d/1q99229cXnnuafPKfLMPMXTC9NROZaswb/view
https://drive.google.com/file/d/1jfGFCPB5GdbTHRbx0kqF0KwFTkxCvt1K/view
https://drive.google.com/file/d/1jfGFCPB5GdbTHRbx0kqF0KwFTkxCvt1K/view
https://drive.google.com/file/d/1oXfZfWRFz1JkiIUloqsq-Ve5IQcAMdFO/view
https
https://drive.google.com/file/d/1Hlj58cqbCCjxNBxISAJ1rKjRDB726m8f/view
https://drive.google.com/file/d/1Hlj58cqbCCjxNBxISAJ1rKjRDB726m8f/view
https://code.org/

B 1.2 E:rsgjl]\?

C (O @& #% https//studio.code.org/courses

R @ WMOCABZRENE @ WCaBpan® §8 cocaintro

AR B wRRBERWE >

Start learning an introduction to computer science with these 20 hour courses for all ages

AIR WAV F A TE B

‘When a block is grey, that means you can't delete it. Solve this puzzle using the "repeat” block that repeats 3 times.
Try putting these 3 blocks inside the grey "repeat” block: move, move, turn.

Workspace: 5 / 5 blocks

repeat EJ times

do | move forward

move forward

tom QTR

Star Wars: Building a Galaxy with
Code

ate of Cony, {
SR T My,
‘ & nmiveen % Y

hitps:/isudio code crg//124114 e

hitps//studio code org/c/124114

You Earned a Certificate of Completion

€ Back to actmity

quate of Cnnu,l
| N,

B
e ponsr of Code '.n_
n - @

N

Diane Zheng %7

for successful completion of
The Hour

Ca

Students: Continue Learning Beyond an Hour

[ -
o o HOUR
E, OF
E | . CODE
) S

iT¥=- vz (Br): 22 PY APRE
@48 ¥ %% #78 0 PYTHON 3£/ (print ~ string ~ variable ~ Math ~ Numberboolean) >
@i ¥ LT PYTHON i3 (if 5258 ~for~list) > 22 SHIF 5 £ 8 o

12



I =EmETRS

AEEREELEE 100.0%%

— - =Rl EbooleansEmirEE H{E

— - Py - Learn to Code F&i&dilt :

1. 10S : hittps:/fapps.apple.com/tw/app/py-learn-to-code/id1111105894
ZEApp Store &t

2. Android : https://apkpure.com/tw/py/com.py.learn

FAFwEERREHL T Slapkis  EITER

P.SiEE£BEIFEMMTrIEHEETE » Eir&aE ST LIBAadam@weco.net

B 5 wEE=A
@ Py w1.1.10_apkpure.com.apk 13 MB
pyBEEISEFI2.jpg 321 KB
Py&EEEIEEFI.png 191 KB

2. PYYEZ£(2)

TEER FESEHEDT AREESTET

AR AR EL == 2.0% 2416 B 4B B S m_EaE

RE B BRI 2021.05.13 18:50 sz Er  F AR RS 2021.05.21 12:00
TEZEE=U EBAfFSEE ( =JAESE 204 ) =R iEE i pEE

SES AT = ( 3EMEFRI 100.0% )

I FUEMEFEES

AEAREE=ER 100.0%

— - SERLEI TFRIRIESS RN ERIE S )L EE FiE

— - Py - Learn to Code F&i&1F :

1. 1OS : hitps://apps.apple.com/tw/app/py-learn-to-code/id 1111105894
ZEApp Store =L

2. Android : https://apkpure.com/tw/py/com.py.learn
A ggn FElapkis  EIT=EE

P.S B£8R tiBlpyfFE1RI7I=0 « EiTHE
(EEE=ALEST and BAEEEF+5200EE)

B 2.1 PY-learn to code APP B 2.2 iTERN %

A program is a recipe that tells a computer
what to do. Can you figure out what this
program is doing?

var x = 1
print(x)

It prints the value of x

The program does nothing

13



@1 )
) i Python >
EE ©
) P‘fhon ‘ rin
‘ &) & <«J)
‘ = ((
& @ &) &)
8 8
Math Booleans i. gu Math Booleans
) ‘ - = Booleans
Bx | . 22
O
N &) 2 o . @ &
e _ -
: =
PR
E 2
=~ = 2, o =) = @ 2

it¥we (BA > M) Col ab Practice with NLTK Text s

(1) #&iv% > F i3y NLTK %2 ercolab B ht o

(2) ™ %:41* NLTK %4 ConditionalFreqDist() ~ plot()4 17 % F 3 I\ Jefoig & » ¥ %
WHE o

(3) PYTHON /% %zt Colab : https://colab.research.google.com/notebooks/welcome.ipynb

| ETEE

LS 100.0%

IMETEE

1B DR E IR Egoogle driveT » T35 ANIkER -
FI A A Fnltk functionZRE H -

1. count

2 concordance

3. similar

maEE .

1.7 dispersion_plotig HA2 S FE

2 FH ConditionalFreqDist:E &+ HE R
EZERZ = | B5532ColabiEss

AEENMF LERESF R FERcoRbSEFEE

Ffe= li===w i
0528.pdf 7 MB
@ colabiEsS.txt 85 Bytes
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https://colab.research.google.com/notebooks/welcome.ipynb

DERETES I

¢

& Untitledl.ipynb
THEE #REE REm fEA BUTiBER 1H A SAeiEiiEEe

+ =+ 3= 2 FEFRIDEiEEE

° Displaving 38 of 38 matches:

*-

ay when thev were created . And Adam lived an hundred and thirty vears , and be
ughters : And all the davs that Adam lived were nine hundred and thirty vea and
nd thirty vea and he died . And Seth lived an hundred and five wvears , and bega
ve vears , and begat Enos Seth lived after he begat Enos eight dred an
welve vears : and he died Enos lived ninety vears , and begat Ca an @ An

vears , and begat Cainan : And Enos lived after he begat Cainan eight hundred
ive vears : and he died . And Cainan lived seventy wvears and begat Mahalaleel
rs and begat Mahalaleel : And Cainan lived after he begat Mahalaleel eight hund
vears : and he died . And Mahalaleel lived sixty and five vears , and begat Jar
s , and begat Jared : A Mahalaleel lived after he begat Jared eight hundred a
and five vea and he died . And Jared lived an hundred sixtv and two vears , and
o vears , and he begat Eno And Jared lived after he begat Enoch eight hundred w

and two vea and he died . And Enoch lived sixty and five and begat Met

;. for God took him . And Methuselah lived an hundred eighty seven vears

, and begat Lamech . And Methuselah lived after he begat seven hundred

I e vea and he died . And Lamech lived an hundred eigt two wvears , an
the LORD hath cursed . And Lamech lived after he begat Noah five mdred nin

naan shall be his servant . And Noah lived after the flood three hundred and fi
xad two wvears after the flo And Shem lived after he begat Arphaxad five hundred
at sons and daughters . And Arphaxad lived five and thirty vears , and begat Sa
ars , and begat Salah : And Arphaxad lived after he begat Salah four
begat sons and daughters . And Salah lived thirtyv wears , and begat Eber
v wvears , and begat Eber : And Salah lived after he begat Eber four

begat sons and daughters . And Eber lived four and thirty vears , and begat Pe
v wvears , and begat Peleg : And Eber lived after he begat Peleg four hundred an
begat sons and daughters . And Peleg lived thirty wears , and begat Reu : And P

tv wvears , and

d begat
ty vears

begat Reu
sons and daughters
and begat Serug

And Peleg lived after
lived two and thirty vears , and begat Ser
lived after he begat Serug two hundred and

And Reu
And Reu

e begat Reu two h dred and n

begat sons and daughters . And Serug lived thirty wvears

, and begat Nahor : And

vears , and begat Nahor : And Serug lived after he begat Nahor two hundred vea

b

begat sons and daughters . !

WA AR R

import nltk
from wordcloud 1mport STOPWORDS

dataset = wordlists. rawl 2011lpo=s Older people are
tokens = dataset. split(’ 2
clean_ tokens = tokens[:]

for token 1n tokens:
if token. lower() in STOPWORDS:

clean tokens. remove [ tolken)
freq = mnltk.FregDist(clean tokens)

Hfor kevw,wval in freq. itemsi):

2

H print (str (key) + 7 + strivalll
freq. plot (20, cumlative=Fal=se)

25
20
&
5 15 -
S
10 4
5 4
gy —
= o M = T & W e = T e A
E8E£32 '£2 8 8 EEE=58E8
- = = S g = E B B £ @
= = ﬁ [ [=] [=4 [ (=]
2 = E] = &
Samples

15

nd Nahor lived nine and twenty vears , and begat Te
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Bl 3.2RY P FHA-
C & colab.research.google.com/drive/1f26sxtSITDZRFmUGDHy9U8uckiSS4DHz?usp=sharing#scrollTo=TZzFuXJClvpG

£ Untitledlipynb -
fEE FE BEEE BN $0BR T2 R ZaitalEss
+ B +NF 2 ERAEReEE

° import nltk

from nltk. corpus import brown

reviews_text = brown words(categories= reviews )
fdist = nltk. FregDist(w. lower()] for w in reviews_text)
modals = ['can’, ’'could, ’'may’, ’'might’, ’'must’, ’‘will’, ’'might’, ’shall’]

for m in modals:
print(m + ’:7, fdist[m])

. can: 43

could: 40
may: 47
might: 26
must: 19
will: 61
might: 26
shall: 1

[ ] import nltk
from nltk. corpus import gutenberg
gutenberg. fileids ()

[’ austen—emma. txt’,

’ austen—persuasion. txt’,
" austen—sense. txt’,
"bible-kjv. txt’,

[ ] efd = nltk.ConditionalFreqDist((genre, word)
for genre in brown. categories()
for word in brown.words(categories=genre))
P rs o 1 ¥ . 1 ¥ H r 1
genres = | reviews , hobbies™, romance , humor’ ]
modals = [‘ecan’, ’could’, ’may’, ’'might’, ’‘must’, ’will’, ’shall’, 'should’]
cfd. tabulate (conditions=genres, samples=modals)

can could may might must will shall should

reviews 45 40 45 26 19 38 1 18
hobbies 268 58 131 22 83 264 3 73
romance 74 193 11 51 45 43 3 32
humor 16 30 8 8 9 13 2 7

° from nltk. tokenize import sent_tokenize
speech=("I'm a person who is very big how about you. Are you are the same type of guy?”)
print (sent_tokenize (speech))

[“I'm a person who is very big how about you.”, 'Are you are the same type of zuy? ]

[ 1 dmpert nltk
from nltk corpus import inaugural
import matplotlib.pyplot as plt

16



° cfd= nltk.ConditionalFreqgDist((target, fileidl:4])
for fileid in inaugural. fileids()
for w in inaugural.words(fileid)
for target in [“president”, "purpose”]
if w. lower (). startswith(target))
plt. figure(figsize=(10, 5))
cfd. plot ()

. 14 4 — president
—— purpose

Counts

—
RS
==

1789

4. ®EI (BA) % pE2 AN p e 2 AEfFAY > TR IT
RY ppsaRfoe 32 RME -
@ 4.1 Wordcloud #%3:% 782 %%
C' @ colab.research.google.ccom/drive/1p_C6_ uY_UNeGy81MulUAJ3ZXDO3_t9bx?usp=sharing#scrollTo=rNxAtPE751.DQ
) itledé.ipynb
E REE BN BOER IE R EHRlrsHEEEE

+ERE ¢ T | o EmmEsEm

[] print (books)

CEEL it , "HEREE i, HERTEL ']

° from wordcloud import WordCloud, STOPWORDS
import matplotlib.pyplot as plt

f = open(’ /content/drive/Mly Drive/Colab Notebooks/FepBIEZR 3/8ESCE2 tet’, ' ©' ). read()

stopwords = [“peopls”, “old people”, “time”, “11fe”]+11=t (STOPYORDS)

wordeloud = WordZloud(
background_color="white”,
width=1500,
height=1000,
margin=Z,
stopwords=stopwords

). generate(f)

plt. imshow (wordel oud)
plt.axis("off™)
plt. show()

@ -~ teethsaygjirl]

camel] 53id @ Sogch

know

abandan

enrage
might 3

ideafwent old

eas1lywantreijbeautifule:

glad

fear C ’]é'"‘gew-§r d'au g h‘t”er
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C & colab.research.google.com/drive/1hNt2pl3RQXg-inycEc4WIEIUOeZBooQa?usp=sharing

& nltk5.ipynb 4 "
B B8 BESE BN §akR I8 @8 Zaiciic=n
FRERE + 3 © RIS

[ 1 1s “feontent/drive/My Drive/Python”

'Linkin Park, tzt’
"Mark RonsonHow zampling transformed music. txt’
" Thandiwe Newton—Embracing otherness, embracing myself. txt’

[1 inport nltk
from nltk.corpus import PlaintextCorpusReader
corpus root= /content/drive/My  Drive/Pvthon”
wordlists=PlaintextCorpusReader (corpus_root, . *7)
books=wordlists. fileids ()
print (books)

['Linkin Park.txt’, "Mark Eonson-How sampling transformed music. txt’, ' Thandiwe Newton—Embracing otherness, embracing myself. txt’]

[ 1 from wordcloud import WordCloud
import matplotlib.pyplot as plt
f=open(’ foontent/drive/My Drive/Python/Linkin Park.txt’,’z’).read()
vordcloud = WordCloud(
background_color="white”,
width=1000,
hedght=h00,
margin=10,
). generate (f)

plt. imshow (wordcloud)
plt. axiz("off")

plt. show()
take-.-af V nWEt[h
tlme one
go e
ic
: C.
matter. ) Eg o
far.... "‘much aware O

become..numb numb feel

Paragraph ehoplie N i h §0od fist help

breaﬁmg door take ARSWON,,

N QUEENWGERTRUDE

US eye leave w

wthidg w7 LORD:
part
gm¢ﬁﬁ
fo\

Trﬁake let
good nlght-tj

3 ‘ loved
™ PO

. teacher pare]

family

nveisfndran.

non Indian

‘reservation

see e

slg s sl mbtherf
58 LOOk brother
S

rml

';ﬁy

Nmsay short stories Words

dialogim husband  know #ven

bear

> BREBHFL
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109 1092 SEEIE TS 5 25 4% 2 (C202202984)

< EE

The Final Project

TEZEZEEL PESEHERL RUEEEET
AEELLEE 15.0%
FAhEs = 2021.06.10 22:04

TESEREZU

S3EAFESE ( =EL/EE - 109-2 )

FE5 7330 ( HEDEERE 70.0% - £#EEF 10.0% ~ #HAREEE 20.0% )

| ZiEmEErs
FRARELTE
1 ##EEF
ARARELES
TS
EAFE LR

EFRRfTE

70.0%

10.0%

2021.06.24 19:05

2021.06.24 23:55

sf3/E BEE

i AR R

#EaE ) LR

1 ErE
ARAELEEE
EEFRRLLEERS

HaFEI RS

= apagepeast

= #8238 Rubric

2021.06.24 19:00

EETiE=

20.0%

R EA B 5%

2021.06.27 20:30

W% L 4L
SRR

ML AR KIS A E

Green Book:
A Racial Issue

Green

o
o3

Book

Kime »

om

$31dh

eat—w

e

hakegO

P

Ul

0dss

Dr Shir ley

© e

from nltk, corpus {mport brown

cfd = nltk ConditionalFreqDist((fileid, word)
for fileid in books
for word in wordlist, words(fileid)
)

findList = [“Come”, “good”, “Take”, “play”, “right”, “black"])
cfd tabulate (conditions=books, samples=findlList)

Come good Take play right black
green2;txt 23 28 14 20 29 7

Predictions:

Beview: £ you're black snd you gotta travel for let the mmset en your black ass !
Predicted semvinemt: Hegstive
Probability: 0.83

Review Christ, I's Blacker exther!
Predicted seatinent: Positive
Probability: 0.62

Review: So if I'a not black encush and if I'n net wiite sncuch, then tell ne, Tomy, wiat m Ii7
Fredicted sentinent: Negative
Probability: 0.53

Review: 1 was the first Negro ever accepred there.
Predicted sentimamt: Pasitive
Provadality: 0.73

Raview: Give the neqro his goddusn phoos call.
Predicted seatinent: Fegative
Probabality: 0.64

Beview: Mr.Cole was the fizst negro asked to play at a white
Fredicted sentinest: Positive
Probabality: 0.53
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#Synonyms&Antonyms

from nltk.corpus import wordnet

for syn in wordnet.synsets("black”):
for 1 in syn. lemmas():
synonyms. append (1. name () )
if l.antonyms():
antonyms. append (1. antonyms () [0]. name ())
int (set (synonyms))
(set (antonyms) )

pr

Textual
Analyses:
Avril Lavigne
2013 Album

3 Zoom iR

Introduction :

Avril Lavigne 2013 Album Motivation
W sentiment Analysis
Avil Lavigne
Compare 2013 with 2019
Album

Avril Lavigne 2019 Album

Head Above Water

1. Lyrics word count : 6264

Avril Lavigne 2013 Album

vt = vordlists. vords( Jesnent/drive/brive/colab/iveil Lavigne. 1t}

2. Split words Lyrics and morphology
analysis : 5788

frm ot tebenize Dt wrd 1

te.1

Lavigne. ')

< (vord iz datase)
i (L (vord,tekmi o dntaset)))

“u’, "koov’, "that’, ‘', "n¢", "still’', "vock', ‘o', "roll

— 7. The lyrics appear “n can
love™, “no” Lexical dispersion plot :

altk
testText = vordlists.vords(’ /content
single = nltk. text.Text(testText)
findlist = ["me",” » “can’, love’ “no’]
single. dispersion plot (findList)

=2 Lexical Dispersion Plot
med wm Rw moemiEees G e
you{ ween s e — -
an AT ) o
tove { 1 "o '

° 1000 2000 000 4000 000 €000

Group 4. Johan...

11. Word cloud

othad. girl

ush Kty
go let
yeah
fléver. growing )
1vingere
Rock 11 love

it kKNOW -

TEchin' sumnr Znow St

[100) books = wordlists.fileids()

cfd = nltk.ConditionalFreqDist((fileid, word)
for fileid in books
for word in wordlists.words(fileid)
)

findlist - ["love’, ‘do’, ‘me’, ‘no’, 'stop’, 'will', ‘you', ‘be’]
cfd.tabulate(conditions=books, samples=findList)

love do me no stop will you be
Avril.txt 25 5 229 a0 6 16 128 13

8. Find the number of occurrences of a specific word :

© imort nitk

From wordcloud impart STORWORDS
dataset - wordlists.rew’/content/drive/iyrive/colan/avril txt )

toxens « dataset.split(* )
clean_tokens = tokens(1]

for token in tokens
17 token, Jower() in STOPWORDS:
clean_tokens. remove(token)

fre = nLtk.Frecoist(clean_tokens)
wfor kay,val in frea.ftems()

» print (strkey) » ‘10 str(val)
freq.plot(20, cumulativesraise)

VEONPERERENRARREENC
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) Zoom Wit WEENE -

Content Farm

@ G5 SR 1K Erica G5 Joseph IR S Daisy (Ling TA) @
and ' : |
Group 3
Misleadin o (] -
g Ihe Increase
Links of Content Farm tuitial '“;:""‘"““

Calculate the fitness value

* Magical algorithm S

* Collecting information

 Growing rapidly

: Life H
How to become rich ife Hackers

I Life hack
will Life-Hack will

k llAdult Life
ma e Make HHltlme r Make
&4 People 1t Hack:z

P Will Make.ws Adult
Rich =l Life
Life-fime Easier

=

Q

<
ﬁ
‘ ’
property

SWi 1,

Glhat=l 8 BB
B0-@-18
i € ma Y e
SRR . .
E3R - CETNER Misleading
ks & o ) Links
(5 1 [ s L 2 1
SEE) IR0
1 O e i L 4 1
R-EHEA B9
EI-EHR-e
3657 B
870

Taiwanese

Similarity
Same idea, different words

Vi Nadg-Tadle]y]

Exaggerate contents, clear instructions

The Anal SiS Moral Words Test » &
y Sentiment Analysis
of Top 10 < T
1. Cmnderella
Fairy Tales of 2 Hamel s Gree 0
3. Little Red Riding Hood 09 0.1
Brothers .. + Rauazl 7
S. Rumpelstiltskin 08 02
Grimm 6. Soow Whie s theseve Do ol
. courtesy, 7.The elves 08 02
sacrifice, courage, mercy
8. The frog king or won Heary 08 02
9. The golden goose 08 02
Stop Words 10. The Sleeping Beauty 08 02

Sentiment Analysis

Very negative, Negative, Neutral, Positive,  Very positive ==
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Little Red Riding Hood :hpun:-

e

© c2#ER soptie  TAMartin

Snow White
Rumpelstiitskin and the
Seven Dwar
fs
N |
|
r TEFLET ! YAy Ky

Four Moral Words

honor mercy |
patience = courage

Around 10 mins?

) 0 I

1. Analysis with Linguistics: 12 min
1) Free morphemes used most.
2) Syntax: The simple sentence structure are used. 156 the max
3) Semantics: easy sentence structures leads to
understandable sentence meaning.
= The languages used fit the children society. M right

Conclusion

2. Elements of Brothers Grimm's fairy stories.
+ 1) action verbs
+ 2) family relationships

4, it's been about 12

3. Are Brothers Grimm'’s fairy stories recommend to the kids?

o)

Words in ° suesma
Love Songs Arlana Grande Ed sheeran Taylor Swift Maroon §
be my baby Photograph Shake it off Misery
Into you Galway girl Blank space Payphone
B
Positions perfec You belong with me She will be loved
The weekend Ship: Long live sugar
Why try

Top 10 frequent words for each singer

The most frequent words in each singers we can found that "You" and *I" appear multiple
times than "love" but why love song did't emphasize Love?

22



Sentiment Analysis

Ariana Grande Maroon 5 Ed Sheeran Talyor Swift

_ . reweanig Teweaneg Tenespos emiaseg

roh-yeah

3, LEimewear I

gonnal -back be sty Sty b
gt haac sugatoves IDSLONE = = =
111 00 Lo the vkt B e oy - oy oy
veang harder Ticbaby:r
RovRd. ! gotta gotta boY —_— —

The Style
Analysis of MARGDNS

Maroon 5
- |

L EDe
" ; e

Songs é S

take wanna know really way
love 13 10 9 9 20
somebody
e Dprin Pt
g sugar §-
‘ - =
love . . V| -y |
please:come )
right  ———
2 2 1 $ v
U I T i ™ m -
-
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